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1. Formulation of the problem

Denote by
E" = (R",B(R");P},|0] < 1)

the statistical experiment corresponding to a sequence of observations (z, zs,.. .,
z,) € R™, which satisfy the following (first order) autoregressive model

(1) Tk = Ozk—1 + €,

where zo = 0 and (e) is a sequence of independent normal random variables,
ex ~ N(0,1), or which satisfy the generalized model

(2) Tk = Opzr—1 + €k,

where zo = 0 and () is a sequence of independent identically distributed random
variables with Ef; = 6 and D?§; = ¢?. We assume that the sequences (e} ), (6;)
are independent and that ¢? is known. The parameter 6 is unknown, but we have
6% + 0% < 1. It is clear that the model (2) includes the model (1) when o2 = 0.
When studying asymptotical (n — oo) properties of estimators 6, of the
unknown parameter 6§ one important method is based on the transition from
the original experiment E™ to a specially reparametrized experiment &", which
converges (in a certain way) to a simple “limiting” experiment &. This allows
us to apply, say, asymptotical minimax theorems, from which we obtain results of
the form liminf R(6™) > R(&), where R is the minimax risk, the key concept in
obtaining properties of asymptotic optimality of the corresponding estimators.

The purpose of this paper is to present basic steps to these ideas in connection
to the models (1) and (2). Below we show, in particular, that (in a certain class to
be specified below) sequential maximum likelihood estimators are asymptotically
minimax. We have considered the model (1) (i.e. the case ¢ =0 ) in [1].

doi:10.5186/aasfm.1992.1714


koskenoj
Typewritten text
doi:10.5186/aasfm.1992.1714


112 S.M. Pergamentshikov and A.N. Shiryaev

2. Localization and reparametrization

Consider statistical experiments
F"=(Q",F"Py,0 € O7),

n > 1, where ©" are open subsets in R?, ©» C O™, Instead of using the
experiment E” to estimate the true value of the parameter 6 (“the true theory”)
in many cases we can assume that the observer has some idea where the true value
6 “is” or “might be”. For example, such an idea might be an assumption that “the
true value @ belongs to a neighbourhood of the point 6,”, and this will be the
null approximation. (In many cases the value 6 is based on preliminary “crude”
estimators. It may be given by a random variable, e.g. by an estimator based on
preliminary observations.)

Assuming that the true value 6 belongs to a neighbourhood of a fixed point
0y we shall write 6 in the form

(3) 6 = 0y + ad(n, ), a € RY,

where ¢ = ¢(n,6) must be of the form ¢(n,8) — 0, n — oo (“the larger the
number of the observations the closer the approximation to 6y under the null
hypothesis”). We can view the parameter a as a new parameter to be estimated.

The corresponding reparametrization of the experiment E™ (transition with
the help of localization from the “#-model” to the “a-model”) gives a new exper-

iment &™ = £™(6y) with ™ = (Q", F*; P, a € &™), where
™ = {a € R*: 6y + ag(n,6) € O}

and Py = P§ 1 4(n.60)-

If 4" is an estimator (in the “a-model”) and 6" = 6, + 4"$(n,8;) is the
corresponding estimator in the “6#-model”, then

(4) 0 — 0" = é(n, 0)(a — &™).

Hence, if the loss function W = Wy(a) (here 8 is the true value of the parameter
and a is an “estimate” or a “solution”) has the form W = W(6 — a) then

(5) E}W (¢ (n,80)(8 — 6™)) = EZW(a — &").
It follows that for any b > 0

(6) sup E;W (¢ (n,00)(8 —6")) = sup ELW(a—a").
{6:16—60|<bg(n,80)} {a:|a|<b}
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The above method of transition to the “a-model” depends, of course, on the
choice of the sequence ¢ = ¢(n,0y). A meaningful choice of this sequence depends
on the conditions which guarantee that the sequence of experiments & will con-
verge (in some sense) to a “limiting” experiment & . If the limiting experiment has
a simple structure and if the problem of estimating the parameter a has “good”
solutions in it, then we can hope that the corresponding result is also true for the
experiments &", at least for large n.

The requirement “convergence of ™ to some non-trivial experiment &” au-
tomatically leads to such a choice of the norming sequence ¢ = ¢(n,6,) — 0,
n — oo, that the family of measures (Pj . .., 4,))n>1 must get closer te the
family of measures (P§ )n>1 for each possible value of the parameter o. Formally
this is expressed by saying that the family (P30+a¢(n,90))"21 is contiguous to the
family (P§ )n>1-

3. Reparametrization and minimax estimation in the model (2)
Put nx = (6x — 0)/o. Then the model (2) can be written as
(7 Tp =0rk_1 + (ex + 0Nk )Tk—1.
Furthermore, for n > 1 denote a = (1 —0)n, ¥ = o/n, and for k/n < t <
(k +1)/n define
XMty = & W(t) = L Zei and  AM(t) = E
vn "k n

It then follows that

®)  dXM() = —aXM () dAM(E) + /14 52 (X0(1))? dW (1),
where X(™(0) = W(™(0) = 0 and (o, ) € & with
o™ = {(0,2):a=(1-8)n,T =0yn; 6% + 02 < 1}.

Denote by P((:’)E) the probability distribution of the process X(*) considered as a

random element in the Skorohod space (D, D, (D¢):>0) consisting of right contin-

uous functions z = (:v(t))t>0 having left limits equipped with o-algebras

Dt=na{x:x(u),u§s}, D=VDt.

s>t

In this framework define the (filtered) experiment

¢ = {(D,D,(De)exo); Py, (0, %) € 7™M},
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By (8) it is natural to expect that the experiment & (®) converges (in a certain
sense) to the experiment

& = {(D,D, (Dt)tZO);P(a,E)7(aaZ) € d}’

where & = {(a,E) ta>0,22> 0} and P, x) is the probability distribution of
a diffusion process X = (X (t)) > satisfying

dX(t) = —aX(t)dt + /1 + S2X2(t) dW(2),

where W = (W(t)),5, is the standard Wiener process.
For (o, %) € &/(™ by

(n)

Z(75 () = Pon
«a (n)
dP(0 )

we denote the density of the restriction of the measure P 2) to Dy with respect

to the restriction of the measure P(0 5y to Di. The density Z(, 5)(t), (o,X) € &,
is defined analogously for the experiment &.
In [2] it is proved that for fixed £ >0, p>1 and ¢ > 1 we have

.Sf’{Z(") pt)ii=1,...,pj=1,...¢ |P((O")E)}

(10)
- Y{Z(a,’,z)(ti);i =1,...,p,5=1,... anP(O,E)}

i.e., the experiments &(™ converge weakly to the experiment & .

Define stopping times

(s = ing [ F . (X (i - )/m)]*A epl
() f{n’ §%1+Z2[X(n)((i-—1)/n)]221} (here A =7)

n =

and

T(Z):inf{t:/otl_*_—)g;—%s—)dle}.

Corresponding to (10) it is possible to prove that

=1,

(11)
— Y{Z(a;,z)(T(E));J’ = 1,--.,qIP(o,z)}.
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But we have

T(Z) X2(s)
/0 '1—4—232—)(2(5) dS =1 (P(O’E)-a.s.)

yielding
TE) X (s)dW(s)

Lt
o V/1+22X2%(s)
where £ ~ N(0,1). Hence

(12)

T x(\dW(s) o [T®  X2(s)ds
Z(a,z)(T(E)) = exp { —a X(s)dW (s) /0 _‘i{_%}

o J1+22X2(s) 2 1+ 22X2(
4 e—a£+ﬁ;

where “d” means equivalence of distributions (with respect to the measure P ).
Formula (12) shows that the “stopped” (at the time T(X)) experiment & is a
Gaussian shift experiment. According to (11) the “stopped” (at the time T(") (X))
experiments &(™ converge weakly to &. From this it follows that it is plausible
to apply the general asymptotical minimax theorem of Hajek and LeCam (see [4]
or [5]), which states that for any continuous symmetrical function W

(13) liminf inf  sup E{(" W(a - a) > EW(¢),
n a (a,X)EIF™

where A™ is a class of estimates of the parameter a, which are based on the
observations X (™(t) for ¢t < T(")(£). With the notation of model (2) define

r(h,o) = inf{n >1: iﬁ > h)},
k=1

where ¢7 = (2})/(1 + o%z}). Then, with £ = o\/n, we have T("(T) =

(r(n%0))/n.
From this, the relation a = (1 — 6)n and (13) it follows that

(14) liminf inf sup E{;) W(v/n(d-8)) > EW(¢),
h— oo 9cbh 62402<1

where ©F is a class of estimates of the parameter 6, based on the observations
T1yT2y.000y x‘r(h,a) .
We consider then sequential maximum likelihood estimators

7(h,o)
br(ho) = Xe " (u_sz?/(l i 023”?:_1)'
D -
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From [1], [2] and [3] it follows that

(15) lim sup ‘P(g’,) (\/ﬁ(é,(h,,) -6) < z) — @(z)‘ — 0,

n—o0 924 02<1
where

1 o
Q(m)zﬁ/ e y?/zdy

and Py, is the distribution of the sequence (zk)k>1, given (6,0). Combining
(14) and (15) we get the following result.

Theorem. In the model (2) the sequential estimators 9,.(,,,,,), h — oo,
are asymptotically minimax for any continuous bounded symmetric loss function

W =W(a), W(0) =0, that is

lim inf sup E(oy,,)W(\/E(é—O)) = lim sup E(g,a)W(\/E(é,.(h,,) -0)).

h—oo §ebh 92402<1 h—o0 924 42<1
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